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Recurrent Neural Network
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LSTM(Long short-term memory)
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Jay Chou lyrics

Jay Chou's Lyrics ['EEf - BlE,
HTEER - BTE,
SEIENRET - BhE,

In [255]:  print(lyrics[5@8:788])
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e function “process_lyrics”
o 1P A I B steps K/ NBY G+
o OJPIBE IR EEZMREZNIIARASIN(ERIRREZEATEBEEEN)
« IV HiFEE=ZF M= B Hlabel

e function “sample”

o XIRFEZF o] gE L IR AR Msample

Ex: [0.001, 0.015287, 0.211187, 0.000187, ....]=> 2345#E(FF23451& FHJ O] BE)
% —& —T—%)i'isample?I AR = 0.001

F _ EF 1 sampleZ U= = 0.015287

F i sampleZ AR = 0.211187 ..
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Keras Z£Y7 LSTM

# define model
Embed _size =128 # you can define your own embedding size.

model = Sequential()
model.add(Embedding(vocab_size, embed_size, input_length=maxlen))

Embedding :
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Maxlen:
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Keras Z£Y7 LSTM

# bulid your RNN model here
model.add(LSTM(embed_size, return_sequences=True))
model.add(Dropout(0.25))
model.add(BatchNormalization())
model.add(Dense(vocab_size, activation='softmax'))
print(model.summary())
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Result: for example

my lyrics = generate lyrics(diversity=1.8, prime=prime, lyric length=158, pick top number=5)

————— diversity: 1.8
————— Generating with seed: -----
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